=4

International
Labour
Office

RESEARCH DEPARTMENT I[Illl WORKING PAPER NO. 12 [HHHEHEEETENEEEEEREEREERER R e ennn

Workfare programmes

and their impact on the
labour market: Effectiveness
of Construyendo Peru

VERONICA ESCUDERO  HLEENELELUUEEEREREEUC UL EEE R E LR R e e e e g

R T TR TR R
APRIL 2016






Research Department Working Paper No. 12

Workfare programmes and their impact
on the labour market:
Effectiveness of Construyendo Peru

Veronica Escuderb

April 2016
International Labour Office

* International Labour Organization, Research Depamtrescudero@ilo.orgnd Paris School of
Economics (PSE)




Cataloguing in Publication Data

Escudero, Veronica

Workfare programmes and their impact on the labour market : effectiveness of Construyendo Pera /
Veronica Escudero ; International Labour Office, Research Department. - Geneva: ILO, 2016
(Research Department working paper ; No. 12)

International Labour Office Research Dept.

employment creation / poverty alleviation / workfare / impact evaluation / evaluation technique / trend
/ Peru

13.01.3



Workfare programmes and their impact on the labour market: Effectiveness of Construyendo Peru iii

Abstract

This paper estimates the medium-term effects of wwkfare programmeConstruyendo Peru
implemented in Peru to support unemployed populiatio situations of poverty and extreme povertyfro
2007 to 2011. I find that the intervention helpsirg employment and reducing inactivity for pantar
groups of beneficiaries, yet at a cost of lockiagtisipants in lower quality jobs (i.e. informakig below
the poverty line and working excessive hours).iBagrly, the programme was not able to improve the
perspectives of lower-educated participants in $ewh job quality (although it was in terms of
employment) and exacerbated the perspectives ofam@nd higher-educated individuals. The evaluation
Is carried out through a regression discontinuggraach, which exploits for the first time an irsting
assignment rule the programme has at the distwet | namely, that only districts above a certairel of
poverty and development shortcomings are eligibleatrticipate.

Keywords: workfare programme, direct job creation, work gyalimpact evaluation, Peru, Latin
America, regression discontinuity

JEL codes: J21, J48, 138, H53
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1. Introduction

Public works programmes are an increasingly popadéicy tool in developing countries. During thetla

10 to 15 years, massive public works have beeneimghted in developing countries with the aim of
assisting vulnerable populations, providing peoyte income support as an insurance against sharuks
reducing poverty (Subbarao et al., 2013)lthough not to the magnitude of those in Asia @ifdca,
public works are also important in Latin Americaesd the number of programmes (and budget) has
increased during the last two decades. In spitieigfthe existing evidence with respect to theaiveness

of these programmes is very much in its nascenseland suffers from a number of gaps. This is
particularly the case in Latin America, where ditlyr impact evaluations have been carried out dotipu
works programmes and three of them focusing ortleets of beneficiaries during participation (Kéyv
2016).

This paper contributes to filling this void by exaing the medium-term effects of the programme
Construyendo Perimplemented in Peru in 2007 to support unemployepufations in situations of
poverty and extreme poverty. The programme provideckss to temporary employment and skills
development through the financing of public investinprojects intensive in the use of unskilled labo
Interestingly, the programme was introduced prialtypas a “workfare programme” whose action was not
limited to a recessionary event and whose aim wdseasing employability issues in addition to pdiwj
income support. In this respe€bnstruyendo Peris not an exception. In developing countries, gubli
works are more often implemented as workfare progras, many of which are aimed to assist
participants on a more permanent basis. Traditipnthlis has been done either through the provision
longer lasting support than typical job creationaswes or the delivery of employability enhancing
components that can allow participants to find npemanent employment when the public programme
culminates.

The potential impacts of well-designed workfaregeeanmes are numerous. Workfare programmes can
have an antipoverty effect arising from the direahsfers, at least during participation, providees

are set sufficiently high to outweigh the costsoaiged with participation (Subbarao, 1997). These
programmes can also have stabilization benefitsseaconsumption smoothing effect, particularly when
they are implemented as safety nets to protectlpegainst periods of economic slack (e.g. wheadab
demand is low) (O’Keefe, 2005). In this case, evavages are low, incomes provided as safety nats c
protect households from unfavourable decisions d@hatoften taken among the most vulnerable during
crises times, such as selling productive assetsb@ao, 1997). In the longer term, however, indigid
effects of workfare programmes depend on theittglitb raise participants’ employability so theynca
find sustainable employment after the programmenmates (Hujer et al. 2004). At the macro level,
workfare programmes that are large enough can esploerty rates and if these programmes are able to
influence private sector wages and jobs, they chale a positive effect on market wages or helpreef
minimum wages (Dev, 1996).

Empirically, much of the evidence on the impacpoblic works and workfare programmes in emerging
and developing countries has focused either oslibg-term income effects or the anti-poverty inpac
This is not surprising since in these countriegmmmes of this sort have traditionally been foduze
their role as a safety net strategy (through thevipion of incomes during shocks) and as a poverty

! Some examples of these endeavours includePhéuctive Safety Net Program (PSNREthiopia, which within
five years helped around 7.6 million householdshstdand the impacts of the food crises; ahatma Gandhi
National Rural Employment Guarantee Scheme (MGNREG8&dia, the largest public works programme tteda
currently available to approximately 56 million tsinolds; and the Argentinidefes y Jefas de Hogprogramme,
which expandedrabajar providing direct income support to poor familidsaver the country (Subbarao et al.,
2013).
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alleviation measure (by offering temporary emplowirte vulnerable households) (Del Ninno et al.,200
ILO, forthcoming)?

Evidence shows that while workfare programmes degnovide effective income support to beneficisirie
during patrticipation, their impact on poverty retioie has not been conclusive. For example, in Atigan
Colombia and Peru working in a workfare programsiadsociated with 25 to 40 per cent higher wages
than those typically earned by participants ingheate sector (O’Keefe, 2005), although effectsyyzer
programme. In addition, in some cases these ingaites were found to be progressive — i.e. gains are
proportionally higher for poorest quintiles tham fizcher ones (Murgai and Ravallion, 2005). Thiscass
could be explained, in part, by the fact that praoparticipation workfare participants were alrgadrning
lower wages than those offered by the programméhmliere likely below the reservation wage for the
non-poor population (Jalan and Ravallion, 2003Yelms of their anti-poverty effect, impact evaloas

of workfare programmes implemented in developingntoes have shown mixed results on various fronts.
Workfare programmes have been found to be moretaféethan other public policies in reaching thepo
(O’Keefe, 2005). Moreover, for particular prograngnevaluations point to some positive anti-poverty
effects, such as shifting the income distributiorai pro-poor manner or preventing beneficiariesfro
falling into extreme povertyHowever, even if the transfers have been fourgtioeneficial, for a number

of programmes wage effects were not important stasnable) enough for raising participants andt the
families out of poverty (Ravallion and Datt, 1995).

Unfortunately, very little is known regarding thebbur market effects of workfare programmes,
particularly the impacts after participation. Thaleation carried out in this paper helps bridgimg gap,
first, by estimating the medium-term effects @dnstruyendo Per(the first to be estimated for this
particular programme).Second, while the scarce labour market evidence fbeused only on the
employment effects of interventions, this papewijates impacts on other aspects of labour markéaista
(such as labour market participation, whether jédaend were formal or informal and the type of
occupation of participants), working time (inclugirexcessive hours worked), working poverty and
incomes. Third, by studying particular treated g®uhis paper aims to assess the heterogenaiffects

of the programme, particularly on women and onvialials with different levels of education. Althdug
some evidence exists on the effect of workfare nomgnes on female participants, the record of woekfa
programmes in this respect is mixed (Del Ninnd.€2@09). Moreover, the literature has not ofteculsed

on the impacts of programmes on higher or lowercathd individuals and therefore findings from this
paper are an added value to what exists.

My findings illustrate tha€Construyendo Perdad a positive effect on labour participation amgp®yment
probabilities of women and lower-educated individuainfortunately, alongside these positive efféioés
programme increased participants’ probabilities/ofking informally, during excessively long hoursda

of being working poor. By particular group, the gr@amme has not been able to improve the perspsctive
of lower-educated participants in terms of findiagbetter quality job (although it has in terms of
employment) and has exacerbated the perspective®men and higher-educated individuals. Finally,
from the implementation point of view, the analyd@i®ws that the programme attracts mainly women who

2 Another objective of workfare programmes in depélg countries is community level development tigiothe
provision of public infrastructure. Although therledits associated with the public goods could eddaesome cases
those of wage transfers (Ravallion and Datt, 199&iha, 2002), not enough evidence exists for thesis to be
conclusive, particularly since indirect effectspfblic goods including their distributional effease difficult to
quantify. The effects of public goods provided byrkfare programmes are beyond the scope of thisrpap

3 See, for example, Galasso and Ravallion (2004arficainalysis of théefes y Jefaprogramme.

4 An evaluation ofConstruyendo Perivas carried out in 2012 to measure the effectth@fprogramme during
participation (Macroconsult S.A., 2012). The stddynd that during participation the programme hagbaitive
effect on wages, which was higher for women anckiiain geographical areas.
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are not necessarily heads of household and thairtggamme suffers from double participation. These
two latter results may be suggesting that theramaptementation problems limiting the labour market
impacts of the programme.

The paper is organised as follows. Section 2 dessrthe main characteristics @bnstruyendo Perl
putting special emphasis on its targeting strat&gpction 3 presents the data used in the analgsis a
provides descriptive statistics. Section 4 discsigbe evaluation strategy and presents graphiahl an
estimated results, as well as an interpretatiothefeffects. Section 5, discusses the plausihilitthe
identifying assumption and provides the resultsasfsitivity tests and robustness checks. Finaégtién

6 concludes with an overall appraisal of the result

2. Policy description: the workfare programme Construyendo Peru

Construyendo Perwas active from 2007 to 2011. It supplanted thegrmmmeA Trabajar Urbang in
place from 2002 until 2007 (Figure 1), which aintedjenerate temporary employment and provide some
level of income support after the internationalresmic crisis that affected Peru during the peri6@8t-
2001. A Trabajar Urbanocreated projects with low wagesn order to discourage those with more
resources from participating in the progranfmm June 2007, the programme was replaced by
Construyendo Perudprincipally a workfare programme, whose action wes longer limited to a
recessionary event. In particular, the objectiveCainstruyendo Periwas to support unemployed
individuals, mainly unemployed heads of househatdsijtuations of poverty and extreme poverty ly: (
providing them access to temporary employment &ill$ slevelopment through the financing of public
investment projects intensive in the use of unsitilabour, and (i) improving the living conditioothe
poorest segments of the population by providingnuroving public infrastructuré.

Construyendo Pertiad four different modalities of intervention degimy on the nature of the project: (i)
tender for projects, which included regular pubhgestment projects (i.e. infrastructure works) and
service-sector public investment projects (i.e.meiance of public infrastructure), included in 200i)
special projects, tailored to areas officially @eell in an estate of emergency; (iii) rural intatiens, and
(iv) contingency projects. While all four modalgiéocused on providing financial support to shert¥t
public investment projects intensive in the usermdkilled labour, their relative importance vari@the
first modality (tender for projects) accountedtfoe bulk of the funds provided by the programmeviieen

80 and 85 per cent). Out of the other categorjescial projects accounted for around 10 per cedt an
contingency projects for 5 per cent, leaving theaiming of the funds to be allocated to rural petgeln

all cases, the role of the programme was to fin@mceoversee the development of projects that pugre
in place by public and private implementing agesicie

Targeting was an important component in the plagnoihthe different interventions and it was done in
three stages: geographical, self-targeting andviehaial targeting. Geographical targeting was thst fi
stage and aimed to prioritize districts in two wgi)sall urban districts, preferably those thatrevalready
part of the National StrategyrecerandCrecer Urbanowere selected firsti(ii) out of these districts,
beneficiary districts were carefully chosen by iagkhem according to the composite index FARAgtor

de Asignacion Distritgl Districts with a higher FAD were given priorigyd received higher shares of the

5 The maximum daily compensation was 14 PEN (10.8 U®PP), which kept monthly compensation at leas th
300 PEN (231 USD, PPP) per month (Lizarzaburu Tres2007).

5 The programme was evaluated in 2003 showing duitidirst year since implementation positive butt n

considerable effects on beneficiaries’ income®-the average income gain of participants wasratr@5b per cent

of the wage provided by the programme (Chacalt20a3).

" MEF (no date).
8 INEI uses a 2500 urban inhabitant’s limit as thedr bound to define urban districts.
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budget allocated. Districts ranking lower receidstreasing shares of the budget until the totagéud
allocated was exhausted. Finally, when the ranlwag completed, all districts receiving less thafl 20
thousand PEN according to their FAD index, wereawsa from the beneficiary pool and their allocasion
were shared equally among the remaining distritih&® composite index FAD was constructed by the
Planning Management Unit of the programme until®64 the basis of three indicators weighted eqiially
urban population, the index of human developmeaittsbmings, and the poverty severity index FGT1¢2).
Importantly, geographical targeting varied accogdio the modality of intervention of the programme.
While regular and service-sector public infrastuwetprojects (large majority of the projects) uséd

for their geographical targeting, special projetsd FAD plus an additional indicator measuringgstiagre

of the population affected by the occurrence oisaster in each district. For the other two moadithe
allocation of resources was discretionary. Oncedbbgraphical targeting was completed, there wad a
for tender to choose the specific projects (by nigdado be implemented by the programme in theskd
districts!!

The second stage, self-targeting, consisted inbksting wages at levels sufficiently low for the
programme to attract solely vulnerable individuaiing to participate for a low wage. This is ayk&tep

in public works programmes aimed principally to ued employment rationing, therefore improving
targeting and reaching the poorest segments gfdpelation. The programme paid 16 PEN per day (11.4
USD, PPP) in all districts, which equalled a moytivhge not higher than 352 PEN (252 USD, PPP) for
22 days of full-time work or 63.6 per cent of theanimum wage from 2008 to 2010. Once the districid a
the projects were determined, local offices of gnegramme opened the registration process where
individuals interested to participate in the prognae could sign up.

The third and final stage was individual targetwdjch consisted in selecting beneficiaries from pool

of people that registered to participate accordingstablished criteria, notably whether applicantse

at least 18 years old, unemployed heads of houselnal lived in poverty or extreme poverty. The pove
eligibility criteria were verified in two steps:lahdividuals that registered to participate in fregramme
and were already part of the national householgktarg system for the pooBistema de Focalizacion de
Hogares, SISFOH were automatically retained as potential beregfies. For all other applicants, the
programme carried out a socioeconomic profilingetermine whether individuals were sufficiently poo
to participate (on the base of seven variables:singuwith inadequate physical characteristics,
overcrowding, housing without drain, household$wtildren not attending school, households wighhi
economic dependence, educational attainment dfdbsehold head, and number of employed individuals
in the household). Once all eligible applicantseneaitegorized, a public draw was done among apyéica
taking into account the following priorities: (inemployed chiefs of household with children yourtgan

18 years old were the first priority(ii) up to a quarter of the available positionsr(project) were reserved
for youths (18 to 29 years) with dependents evehal were childless; and (iii) up to 5 per cent fo
individuals with disabilities. In practice, sométeria were easier to verify (e.g. having childmrbeing

% This equal weighting has been criticized for gtiing districts that are more populated even tifothey might
be less poor and underdeveloped (Jaramillo e0aRR

10 See Section 3 for more information on the index Appendix 1 for the definitions and sources obinfiation of
the variables.

11 According to the Directorial Resolutions of the FH (2009-2010, 2007—-2010, 2007) on the resultseofall for
tenders foiConstruyendo Pets projects, 380 urban districts received fundinging the period 2007-2010 (of the
605 districts with a population of more than 250Babitants in Peru).

12 According to the description of the programmes thias done to target individuals that were activebking for
work, based on the assumption that chiefs of hadstwould be actively searching, given the neesbfaport their
families.
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a household head) than other, and so in practitigidual targeting was focused on whether applieant
had family burden (mostly children) and were livingpoverty or extreme poverty.

In terms of the support provided to participafenstruyendo Pertiad two componentd.The first one
was the creation of temporary jobs in public inmestt projects such as pedestrian accesses, iongati
canals, post-harvest infrastructure, retaining syab well as educational and health infrastructtee In
this respect, the programme created a little o8&rtBousand temporary positions, varying considgrab
in length from a few weeks to 4 months (MTPE, 2@7)*° The second component entailed providing
training to participants, of which there were twpds, one general and one specific. The more genera
type of training consisted of soft skills developrhancluding social skills, empowerment and a gaher
knowledge of how to manage project implementatidre second training component aimed to develop
technical capabilities that would respond to thedseof the regional labour markets (rather thaptbgect

in question). Although the general training was d&tary, in practice it was not enforced strictlyatt is
why the number of people that completed the trginwas lower than the number of beneficiaries).
Meanwhile, the more tailored training was voluntagd therefore, due to self-selection, it was
concentrated on persons with higher skills. Thegrmme provided soft-skills training to close td26
thousand individuals and more specific technicaintng to 27 thousand (Macroconsult S.A., 2012).
Importantly, the beneficiaries of specific trainimgere concentrated in the years 2007 and 2008eSinc
then, the number of participants started to fatil anseemingde factoelimination of the componeint
2010.

Figure 1. Construyendo Pert and its preceding and succeeding programmes

A Trabajar urbano Construyendo Peru Trabaja Peru

Active from December Active from June 2007 Active from August
2001 to May 2007 to July 2011 2011

In 2011, the Government terminat€dnstruyendo Peré@nd created the new programifr@baja Peru
(Government of Peru, 2013s with its predecessofrabaja Peruco-finances public investment projects
that aim to create temporary jobs for the unemmayed underemployed with levels of income that fall

131n fact, based on the special survey carried nytasticipants, it can be observed that over 8@est of participants
were already carrying out a remunerated activitgd07 and half of them had been working for ovendiths (in
fact, close to a third of them had been in thisvagtfor a year).

14 The development of social and productive infragtrces was considered an additional benefit optiogramme,
although this was not quantified. The programmarfoed 11,300 projects during the period 2007-261d%t of
which were aimed to create pedestrian accesseasjingt walls and educational and health infrastrect

15 This figure corresponds to 290 thousand full-tjwies (working 22 days) for a period of 4 monthseHrtificial
assumption that each post had a duration of 4 rsdstimade to allow comparisons in time and acrosgrpmmes
(i.e. notional definition). In reality, some of tpeojects financed b€onstruyendo Pertiad a duration of 4 months
(regular projects) while other had a duration o omonth (service projects) and a working month b@avorking
days in average while the programme was in plaaridillo et al. 2009). This means that various heiaeies filled
each notional “short-term job” in practice.
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within poverty or extreme poverty in both urban anchl areas. The aim of the programme is to create
jobs and develop productive capacities for the naabterable, thereby promoting sustained and gualit
employment for this segment of the population (Goreent of Peru, 2012). As suchrabaja Peru
assumes the full amount of functiongGanstruyendo Perwith the exception of the training components,
which were removed from the objectives of the paogme in 2012° Moreover, unlike its predecessor,
the funding forTrabaja Peridepends on the fulfilment of previously establaskergets.

3. Data and descriptive statistics

The analysis draws on three sources of informafibe. first one is a database at the district levehted
for the purpose of this paper to reconstruct th® kAdex and identify the related discontinuity istdct
participation, since this information was not palyliavailable. This additional analysis representsear
value added of the paper, since it allows for ih& fime to exploit an interesting assignment riiat
Construyendo Perbas at the district level, namely, that only dis¢rabove a certain level of poverty and
development shortcomings are eligible to parti@patthe programme.

The district level database includes informatiomumal, urban and total population, poverty levalsnan
development indicators and different district cloteeistics based on the Poverty Map and NationakGg

of 2007. It also includes information on the pap&tion of each district in the programme, the {&aof
participation, the type of project for which thestdict applied and the budget allocated. The véggb
definitions and sources of information are detaitedppendix 1. The FAD index was reconstructed on
the basis of this database by weighting equallgahindicators: urban population, the index of human
development shortcomintsand the poverty severity index FGT{2According to official documents of
the programme (Jaramillo et al. 2009), the FAD indeconstructed on the basis of data from thestate
national census and updated when new informatioarhes available. The index used for the assignment
of Construyendo Perwas therefore based on the 2007 census and caldiwdaty once for the whole
period during which the programme was active. Givenexistence of detailed information regardirg th
sources of information and the calculation of tAdRNndex, the reconstruction carried out in thipea
should result in the exact FAD index used durirg gkeographical targeting of the programme. Details
about the use of the FAD index for the analysisdsseussed in more detail in Section 4.2.

The second and third sources of information inclite surveys: the National Household Survey
(Encuesta Nacional de Hogares — ENAHI@Gm 2007 to 2013, conducted by the Peruvian dyiat
Institute of Statistics and Information TechnoldgyEI); and a special survey carried out in Mar€i2

to Construyendo Perfarticipants covering participation during theipdr2007 to 2010. While data from
the participant survey was used to identify indirts in the treatment group, data from ENAHO waius
to identify individuals in the control group.

ENAHO has been conducted annually by INEI sinces1&@®d became a continuous survey in May 2003.
It has national coverage and includes urban arad ameas of the 24 departments of the country thieis
Constitutional Province of El Callao. Its samplasists of around 2,200 dwellings per month selected

16 Supreme Decree No. 004-2012-TR (Government of, Pd0).

17 Calculated by FONCODE$¢ndo de Cooperacion para el Desarrollo Sogpa$ 1 — HDI (Human Development
Index calculated by UNDP) and called officialigdice de carencias (IC)This index measures the level of
deprivation of the population in the access todasrivices and the level of vulnerability in terafslliteracy and
children’s malnutrition. Values closer to 1 represgectors with higher deprivation and vulneraietitand therefore
sectors with higher priority in terms of social @stment (Dias Alvarez, 2006).

18 The FGT(2) or Squared Poverty Gap Index, is orth@fndexes of the Foster, Greer, Thorbecke fadfiyoverty
measures. The index measures the severity of pogiting a greater weight to individuals that fel below the
poverty line than to those that are closer to IEEIN, no date).
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through a random assignment, which in 2013 mada fapproximately 32,000 dwellings and 115,000
individuals, around 60 per cent in urban areas4hger cent in rural ones. Interestingly, since7200
ENAHO includes a partial rotation of sampled urdgtisned to keep at least one fifth of the samplkeléh
as a panel during five consecutive years and éifitgpanels to co-exist at all given times.

ENAHO is a household survey targeting questionsha@aseholds and household members. It is a
comprehensive survey, including 12 modules and @4ktions. Pertinent for this analysis, it provides
information on personal characteristics of eachviddal in the sample (such as gender, age, matidlis
and place of residence), as well as informatioruaite composition the individual’'s household anel t
dwelling’s conditions. In addition, ENAHO colledtformation on individuals’ education such as hitey
levels, school attendance and levels of educatiattainment. It also provides information on the
individual's labour characteristics, such as emplegt status, occupation, industry, hours worked and
monthly earnings in the case of employed individual cause and duration of unemployment, among
others, in the case of unemployed individuals. IKipat collects information about individuals’
participation in food related social programmes amce 2012 about their participation in non-food
related social programmes, suchTaabaja Per(® This last module was critical to identify and exd
individuals that wereTrabaja Perls beneficiaries from the control group at the timie measuring
outcomes (i.e. 2012, as explained in more detéoivye

The special survey to participants@bnstruyendd?erd was conducted by Macroconsult S.A. (2012) in
consultation with INEI in 2012. The sample was stgd randomly following a stratified probabilistic
design. The inference levels were selected acaptditotal population in urban areas and by whettiner
beneficiaries received the training component. Buevey includes information on individuals’
participation, such as dates of participation, sypé works carried out, whether participants reeeiv
training and the type and length of training reedivas well as perceptions of participants aboet th
programme and their participation. It also proviodsrmation on beneficiaries’ characteristicshat time
when the survey was carried out, the charactesisticheir household, their levels of educatiomirth
labour characteristics and their income levels.thdélse questions are fully comparable with ENAHO as
they follow the same logic, definitions and organian. Finally, the survey includes retrospective
questions, including dwellings’ conditions, incoared employment characteristics of beneficiariehién
year preceding participation. This special survegvigles information about participation during the
period 2007 to 2010 and includes 1200 beneficigoésvhich 1142 were retained for the analysis) and
their families, which in total make for 3701 obs#ions.

Figure 2 provides information on the evolutiontod humber of participants during the period. Acoayd

to the special survey, the number of participardas e highest in 2007 and then it decreased tibiénit
lowest participation in 2010 (Figure 2, panel Ahigfall in participation is in line with administtive data
gathered from INEI (Figure 2, panel B) and is ekm@d by a reduction in the budget allocated to the
programme following the world financial crisis. #pite of the fall in funds allocated and number of
participants, the programme suffered from a greal @f double participation. Indeed, data from the
special survey shows that more than half of theefi@aries (54 per cent) have participated more tha
once in the programme, while 28 per cent partieigpatxceeding the maximum time of permanence of 4
months.

In terms of the training component, although ov@mp@r cent of beneficiaries interviewed affirm hayi
received the training provided, only one third reed a certificate after completion of specificitiag.

19 There is no consolidated version of ENAHO. Eacldule comes separately and weighting is module ipeci
since it involves correction for non-response. Agls individual modules were first cleaned from dhd
observations before merging them into a uniquebdesta. The author is grateful to ILO-SIALC for udefuidance
in cleaning the modules.
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Of these, only 29 per cent declared having asststg@aactical courses, 30 per cent attended ibitist
courses, and the remaining 40 per cent assistgdrdatrmative sessions. This illustrates the appilack
of depth of the training component (even the speoife), discussed later in the paffer.

Figure 2. Number of participants of Construyendo Pert and its successor, 2007-2014

Panel A: Number of participants interviewed in the special survey
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# Received a training certificate
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m Did not receive training or attended general
training sporadicall
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Source: Special survey to participantsCainstruyendo Pera.

Panel B: Total number of participants (administrative data)
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Source: MTPE (2007-2011) and MTPE (2012-2014).

20 |mportantly, the difference in the share of paptioits that received a training certificate betwpanels A and B
results from the choice of sampling technique useithe special survey, where individuals who reeditraining
were oversampled to ensure a sufficiently largepdasize for the analysis (Macroconsult S.A., 2012)
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A relevant question for the analysis is how therabi@ristics of participants compare to those afitad
individuals in the urban population sample of ENAHOmM where the control group will be drawn. To
assess this, Table 1 compares characteristicgliddnals from the two samples for selected vagalfh

full set of descriptive statistics is provided ipgendix 2). The sample from ENAHO includes complarab
individuals based on selected criteria — i.e. &dliting in urban districts, and during the sameiqd of
analysis. The analysis shows that participantyvang similar to the selected adult population imrte of
age, as both are on average around 43 years ody. arle also similar in terms of their likelihoodlie
married, but participants are more likely to be atmting or separated, although differences are not
substantial. In terms of their status in the labmarket, differences are not striking either. WiGi& per
cent of participants were employed in 2012 and @2gent were in inactivity; in the selected ENAHO
population these shares were 73 and 23 per ceueatdgely, the same year. The share of unemployed
individuals is, however, higher for participant3 per cent compared to 3 per cent for the ENAHQtadu
population.

The main difference arising from the analysis &t §participation of women in the programme is much
higher than their share in the selected ENAHO patjiart — around 78 per cent compared with 53 petr cen
of the urban population aged 18+. Interestingly pnogramme was not designed to target women in
particular. However, a field study carried out bg Ministry of Economy and Finance (MEF) (Jaramillo
et al., 2009) suggests that the programme washysbduseholds to top-up family income —i.e. pipati
earners (usually men) kept their usual jobs, wiibenen entered the programme. In line with this,levhi
half of participants were heads of households &edother half spouses of heads, among the selected
ENAHO population, half were heads but only arouBg2r cent were spouses of heads.

In addition, educational attainment of participast®wer than that of the ENAHO adult populatidine

share of participants who have not approved argl lefveducation is around 8 per cent, comparedper4
cent for all adults. Likewise, around half of peigants has completed at most primary educatiam(fr
here on, lower-educated individuals), while onlyp26 cent of all adults from ENAHO are lower edeciat

Among people with an occupation, most participartere either working as own-account (around 49 per
cent) or waged workers (34 per cent). In compariadower share of the selected adult populatiomfr
ENAHO was own-account (36 per cent) or waged wo(kerper cent) in the same year, while a higher
share was waged employee (27 per c&n)oreover, at over 90 per cent of people with acupation,
informal employment was considerably higher amoadgigpants than in the ENAHO sample (77 per
cent).

Both groups worked approximately the same numbéroafs (around 40 hours per week) in their main
occupation. However, when all occupations are takiEnaccount, it appears the selected adult pdipnla
from ENAHO worked slightly more than participanis.spite of these similarities, the share of peaple
time-related underemployment (i.e. employed indigld available and willing to work more) was
considerably higher among participants (21 per cempared to 15 per cent) and the share working
excessive long hours (i.e. more than 48 hours pekjwvas considerably lower (32 per cent compared t
41 per cent). Finally, a higher share of partictpamas working poor.

21 According to the ENAHO, waged employees are imhligls with a predominantly intellectual occupatinran
institution or firm where they perceive a monthlyhalf-monthly remuneration or payment; and wagedkers are
those with a predominantly manual occupation ireaterprise or business where they perceive a daégkly or
half-monthly remuneration.
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Table 1. Descriptive statistics

Urban population, ENAHO (18+) Participants (18+)
2007 2012 March 2012
Mean Std. Dev. Mean Std. Dev. Mean Std. Dev.
Individual characteristics:
Women 0.52 0.50 0.53 0.50 0.78 0.41
Age 40.5 16.8 428 17.6 43.5 12.5
Marital Status
Cohabiting 0.24 0.43 0.24 043 0.37 048
Married 0.35 0.48 0.33 047 0.30 0.46
Widowed 0.05 0.22 0.06 0.24 0.07 0.25
Divorced 0.00 0.07 0.01 0.08 0.00 0.04
Separated 0.08 0.27 0.09 0.29 0.17 0.38
Single 0.28 0.45 0.27 0.45 0.10 0.30
Kinship family
Head 0.52 0.50 0.52 0.50 0.47 0.50
Spouse 0.28 0.45 0.28 0.45 0.45 0.50
Son or daughter 0.20 0.40 0.20 0.40 0.04 0.19
Educational attainment
No education 0.05 0.21 0.05 0.21 0.08 0.26
At most primary education 0.28 0.45 0.26 0.44 0.47 0.50
Beyond primary education 0.73 0.45 0.74 0.44 0.53 0.50
Household characteristics:
Household members 4.86 2.26 4,57 2.16 4.46 1.83
Scales of monthly income (1 to 6)* 3.6 1.3 4.1 14 4.3 1.1
Labour characteristics:
Employed* 0.72 0.45 0.73 0.45 0.68 047
Type of occupation
Employer 0.05 0.21 0.05 0.21 0.00 0.04
Own-account worker 0.26 0.44 0.27 0.44 0.33 047
Waged employee 0.20 0.40 0.20 0.40 0.05 0.22
Waged worker 0.13 0.34 0.14 0.35 0.24 0.42
Non-paid family worker 0.08 0.26 0.07 0.25 0.02 0.13
Domestic worker 0.03 0.16 0.02 0.13 0.05 0.21
Other 0.00 0.07 0.00 0.07 0.00 0.04
Informal employment* 0.59 0.49 0.55 0.50 0.62 0.49
Formal employment* 0.15 0.36 0.20 0.40 0.06 0.24
Unemployed 0.04 0.18 0.03 0.16 0.07 0.25
Inactive* 0.22 0.41 0.23 042 0.22 0.41
Working time characteristics:
Working-poor* 0.47 0.50 0.36 0.48 0.41 0.49
Hours worked in main occupation 41.9 233 39.9 222 404 17.8
Total usual hours worked* 481 222 45.8 212 43.7 16.4
Excessive working time* 0.46 0.50 0.41 0.49 0.32 0.47
Underemployed (time-related)* 0.26 0.44 0.15 0.36 0.21 0.41

Note: *See Appendix 3 for the definitions of theseiables.
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4. Aregression discontinuity analysis

As explained above, the first phase of the targetitrategy (i.e. geographically targeting) was
implemented by excluding rural districts from tligible pool and, out of the remaining districtslexting

the benefiting districts by ranking them accordioghe composite index FAD. This type of programme
assignment implies that participation is discortiunsl at some point of the FAD index. Under these
conditions, a regression discontinuity approach)(R&h be applied to capture the causal effecthef t
programme by using FAD (i.e. the running varialale)the potential source of identification of imgact
This is an interesting strategy as RD estimatesffan a credible alternative to randomized experiis

at the local level (i.e. in the vicinity of the dantinuity) given that discontinuities provide aural source

of randomization (Bargain and Doorley, 2011).

4.1. Empirical specification: a fuzzy discontinuity design

As with any other microeconometric evaluation, &ima of the econometric implementation of this paper
IS to: (i) overcome the archetypal evaluation peablarising from the fact that individuals eithece®e
treatment or do not but cannot be observed in biattes at the same time; (ii) and tackle this gnobbf
missing data all while addressing the possible weoge of selection bias. As such, constructing a
counterfactual that allows to estimate outcomegsanficipants had they not participated, in a cocivig
manner, is the key element of this evaluation.

In a non-experimental setting, such as the oneadenstruyendo Perwas implemented, some methods
exist that can properly tackle the evaluation pgoblnd address selection bias. Interestingly, icemtan-
experimental policy designs can even provide arabgource of randomization that allow estimating
treatment under weaker assumptions (Blundell arstaCbias, 2009; Smith and Todd, 2005). Regression
discontinuity (RD) is one special case of this, abhican be exploited when treatment changes
discontinuously with some continuous variable,emalihe running variabl&]. RD is based on the idea
that assignment to treatmeit;) is determined, totally or partially, by the valaka predictor being on
either side of a fixed threshold called cut-offradi,) (Imbens and Lemieux, 2008).

The literature distinguishes between two typesid@signs: (i) the sharp design in which treatnséatus

is a deterministic function of the running varigtded (ii) the fuzzy design which exploits disconities

in the probability of treatment conditional on @ivg the cut-off point (e.g. under this approacé th
probability of receiving treatment need not chafigm 0 to 1). In practice there is inevitably sodegree

of fuzziness in the application of this approachq @éhe particular case discussed in this papeois n
exceptior?? The result is an empirical specification wheratmgent is not determined by, but there are
additional unobserved factors that determine asségn to treatment (Hahn et al. 2001). Identificatio
would therefore be possible by comparing individualthe vicinity of the discontinuity — this isgqred

for fuzzy RD to closely reproduce its sharp coyraetr (Blundell and Costa Dias, 2009). As such, yuzz
RD relies on a local mean independent assumptiaiettify a local treatment effect, restricting enxtal
validity. This restriction constitutes the most iongant limitation of RD designs. The advantage &f R
compared to other non-experimental estimators thay have more external validity is that: (i)
comparatively RD has stronger internal validity flens and Lemieux, 2008), and (ii) RD (specially the
fuzzy type) is an especially powerful, yet flexilbésearch design (Angrist and Lavy, 1999).

The key identification assumption of the RD applogcthat treatment is a discontinuous function;of
since regardless how close approacheg,, treatment will be unchanged until = x,. In the case of

22 This fuzziness may occur, for example, when elligjfrules are not strictly observed or when onbrtain zones
are targeted but mobility across regions occurs.
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fuzzy RD, this assumption is somewhat relaxed. fimeat is no longer deterministically related to
crossing a threshold, but there is a jump in tiedability of treatment (i.eg, (x;) if x; < xo andg, (x;) if

X; = xo) atx,. It is assumed that, (x) > go(xp), SOx; = x, makes treatment more likely (Angrist and
Pischke, 2009). This is called the continuity agstiom (Hahn et al. 2001). Moreover, the exclusion
restriction has to be satisfied, meaning that arseoved discontinuity imean outcomé; should result
exclusively from the discontinuity in the particijma rate. In other words, nothing other than pgvation

is discontinuous in the analysis interval. In aiddit the validity of RD is based on the premisd tha
running variable has not been caused or influermedreatment and that the cut-off point has been

determined independently of the running variable.

Particularly for the policy evaluated in this papgiven that participation is no longer determiicisty
related to crossing a threshold (i.e. there argggaants and non-participants at both sides oftiheshold),
the probability of treatment jumps at the cut-ofirg x,. Following Hahn et al. (2001) the conditional
probability of treatment gives; could be written as:

g1(x) if x; = xg

; 4.1
9o (x) if x; < xg

E[D;|x;] = P[D; = 1|x;] = {

where,D; is treatment status is the running variablex, the cut-off point angy;(x;) the relationship
between the running variable and treatment statusidividuali. It is assumed that; (x;) # go(x;).

The relationship between the probability of treattrendx; can be written as:
P[D; = 1|x;] = go(x) + [91(x;) — go(x)] T 4.2

where treatment; = 1(x; = x,).

There are two ways to estimate these effects, ¢irapolynomial function or a nonparametric estonat
Following Angrist and Pischke (2009) polynomialsiicbbe used to modei, (x;) andgg (x;):

E[D;|x;] = Yoo + Yo1X;i + Yozx?+ ...+yopxip + [rr +yix; +yixi+ ...+y5xip]Ti 4.3
wherey™'s are the coefficients of the polynomial interaos with treatment. If the eligibility threshold is

exogenously determined by the programme and higblyelated with treatment, the discontinuity
becomes an instrumental variable for treatmenustarhich can be estimated through a two-stage leas

square (2SLS) strategy. Usiffig as well as the interaction terfgT; + x7T;+ ... +x! T;} as instruments
for D;, | obtainf (x;) as:

Y= a+Byx; + Boxtt ... +Bpxl +pD; +1; 4.4

where D; = nT;. Note that the behaviour d[Yy;|x;] and E[Yy;]|x;] may differ and thaty; = x; —
X, centres the polynomials &§. Substituting E[Y; |x;] = E[Yy;|x;] + E[Y1; — Yoilx;1D;, | obtain:

Y = a+ Bor%i + PoXi+ ... +PopXl + pD; + BiDiX; + BaDix + ...+ BpDikl +1m; 45

The interacted model would generate the followiagditional effects:

ElYy; — Yoilx;] = p + Bi%; + B3X7 + ...+ BT

The second method to estimate a fuzzy RD is nonpatrecally, using an IV estimator in the vicinity o
the discontinuity (Angrist and Pischke, 2009). tmpiple it would be possible to use any nonparaimet
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estimator to estimate th&x;); in practice, however, it has been shown that sostienators are more
efficient than others given that the function todstimated is at a boundary. The standard solution
reduce bias is to use a local linear nonparameggeession (LLR), which amounts to estimating lmea
regression functions within a window (“local”) omth sides of the discontinuity. These are weighted
regressions, where weights decrease smoothly asstiamce from the cut-off point increases (Imbams
Lemieux, 2008).

Specifically, the objective of the LLR is to fimg) andf,, as well asy; andp; that minimize:
Yikn(X)1[%; < 0](Y; — ag — BoXy)? and X; k(XD 1[X; > 0](Y; — ay — 1 %)?

In the fuzzy casel; (which equals 1 whex; > x,) is used as an instrument 1oyin and-neighbourhood
of x,. Thus, the effect of treatment (which needs to bienased using the same estimator and bandwidth
— Angrist and Pischke, 2009) equals to:

ElY;|xy < x; < xg+ 8] — E[Y;|xg — 8 < x; < x¢]

= 4.5
51—%E[Di|xo < x; < X9+ 6] —E[Di|xg — 6 < x; < xp]

In other words, the causal effect of treatment balldetermined dividing the jump in the outcoméarat
relationship by the jump in the relationship betwé®atment status and rating (Jacob et al., 201#3.

will provide an unbiased estimate of LATE (locakeage treatment effect), where the Wald estimand fo
fuzzy RD captures the causal effect on compliem. (individuals whose treatment status changes
depending on whether they are just to the lefbdné right ofc,). While estimating this in a given window
of width h around the cut-off is straightforward, it is moréfidult to choose the bandwidth. There is
essentially a trade-off between bias and efficiency

Numerically, as noted by Hahn et al. (2001), wheingia uniform kernel with the same bandwidth far t
estimation of both the numerator and the denominaibal no additional covariates, the estimatis
equivalent to that of a 2SLS estimator. Howeveergnce based on uniform kernel estimators and LLR
(4.5) will be different since the former will contie to be asymptotically biased given the poor daun
properties?® As such, LLR has two main advantages in the chepy RD: first, it is more rate-efficient
since there is a smaller bias associated to LL&Rivel to traditional kernel methods; second, tlzes loioes
not depend on the design density of the data (l¢alah, 2001).

While impacts in the vicinity of the cut-off poilire nonparametrically identified for RD, the apgblie
literature has frequently used the parametric radtitre (Ravallion, 2008). The problem with this huat

Is that it uses data that is far away from theaftite estimate th&X) function. The equivalent of choosing
the right bandwidth for the polynomial method isis® the right order of polynomial. However, paraioe
RD could allow for the possibility to extrapolat@peit not without a cost in terms of precision. A
combination of both alternatives might be a wagrnsure consistency.

4.2. Graphical discontinuity

Before discussing the estimation results, | preengraphical analysis of the discontinuity dis&gsin
previous sections. This graphical analysis, aseatdry Imbens and Lemieux (2008), is an integrat giar
any RD analysis and is critical to ensure the roiess of the more sophisticated statistical assasdimat
follows.

23 Imbens and Lemieux (2008) extended this work tmsthat the equality still holds when a LLR is cantgd by
2SLS using additional interaction terms includedeasgenous controls. These additional covariatksvalor
changes in the slope on either side of the cutetifijinating small sample biases and improving isien.
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As explained above, a baseline analysis was ndedddntify the discontinuity related to the FADdax
since neither the running variable (FAD index) ther cut-off point were publicly available. After\nag
reconstructed the FAD index based on the dataliadbe segional level, the cut-off point was detared

by a graphical examination of the data. Both tha&phical and the statistical analyses are based on a
comprehensive individual-level database includirgggample selected from the ENAHO, the participants
database and the district-level database. To ditertine cut-off point at the district level, the BAndex
was plotted against the mean participation of urthatricts, drawing on this comprehensive database.
Figure 3 (panel A) illustrates a clearly observahiezy discontinuity in the participation of digti$
(measured at the individual level, i.e. individulidéng in districts that participated in the pragnme
during the period 2007—2010) according to the FABek. Given this is a fuzzy RD design, the figure
exhibits the mean probability of districts partiiimg in the programme conditional on crossing the
running variable’s (FAD index) cut-off point of @4. Following Hahn et al. (2001), the figure hasrbe
constructed using nonparametric methods whereeflagionship between the two variables is estimated
without assuming a functional forth?° This graphical analysis also shows that therevigliscontinuity

in the mean probability of districts participatimgthe programme, other than the cut-off point.

Panel B of Figure 3 displays this same analysisbtltie individual level of participation (i.e. inluals
that participated in the programme during the mker&D07-2010). Finding a discontinuity in the
relationship between individual participation ahd tunning variable is an important step in thdyems

of fuzzy discontinuity designs. In fact, the fisgege of the specification (e.g. participation dsrection

of the running variable and the probability of leimeyond the cut-off point) depends on whether this
discontinuity exists. The figure illustrates thiaere is indeed a discontinuity in the mean prokgtwoif
individuals participating in the programme conditb on them living in districts with a level of FA&t
one side or the other of the cut-off point (0.125).

Figure 3. Discontinuity in districts’ and individuals’ participation (2007-2010), conditional to the FAD index

Panel A. District participation Panel B. Individual participation

00 03 05 08 10
I I I I I
0.00 0.02 0.04 0.05 0.07
| | | | |

Mean probability of district participation in the programme
Mean probability of participation in the programme

N
N

3 3
FAD index FAD index

Note: Fig. 3 plots the mean probability of disti¢panel A) and individuals (panel B) participatinghe programme according
to the FAD index along with the 95 per cent lev@hfidence bounds. The conditional mean is drawtherbase of equal-sized
bins. The fit used was suggested by the graphiwllysis carried out using lowess fit.

2 Rather than plotting all individual informatiorhet literature suggests presenting smoothed pldtgravthe
conditional mean is drawn on the base of equaldiziervals (bins) of the running variable (Jacbhle 2012). This
strategy makes for a cleaner graphical analysisraguces noise. This same strategy is used thauighe whole
graphical analysis presented in this paper.

25 The quadratic fit used in the graphical repred@ravas suggested by the analysis carried ougusia lowess
fit.
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Appendix 4 illustrates the RD estimates of the iotjd the programme based on this discontinuitye Th
different figures of the appendix plot the prob#pibf having a certain employment status, incomé a
working time?® conditional on participants living in districtstvia FAD index greater than 0.125. All
graphical effects have been measured nonparanitrising a standard kernel estimator. Given that R
is a local estimator, the analysis has been peddrooth in the overall window and in the neighboadh

of the discontinuity for each output variable egtied. With regards to the larger sample (left #guof

all panels), the graphical analysis suggests thdicppating in the programme has a small but passit
effect on the probability of being employed (pafigla negative effect on the probability of beingdtive
(panel B), a positive effect on the probabilitybging employed informally (panel D) (and a mirréfeet

on formal employment). It also has a positive dffet the probabilities of being own-account worker
(panel E) and waged worker (although this lastotfi® not as clear) (panel F), and an unclear efiac
the probability of being waged employee (panel Mpreover, there seems to be no effect on the
probability of participants moving up or down inethincome scalé$ (panel H) and an increased
probability of being working-poor (panel 1). Regargl hours worked, participation seems to have a
positive effect on the total number of hours workeanel J) but also a positive effect on the prdibgb

of working excessive hours (panel K). Effects amasistent when analysing local effects (right fegiof

all panels), with the exception of the impact ie fiiobability of working excessive hours wheredffects
seem to lose significance.

4.3. Estimated results

Now [ turn to the statistical results of the effetindividuals’ participation in the programme.iglsection
examines whether the graphical effects hold usingersophisticated techniques and if these effeets a
robust to different specifications. As suggesteddation 4.1, two different estimators have beadua
parametric 2SLS setup and a nonparametric LLR thitke different bandwidth¥.The estimated results
are shown in tables 2 and 3, which corroboratedhelts from the graphical analysis presented above

Effects of the programme on participants’ labour mieet status

As discussed above, the programme was createdhtfinal objective of enhancing the employability
of individuals living in poverty and extreme powedo they can find sustainable employment after the
programme culminates, and improving their livingnditions by providing or improving public
infrastructure.

Estimates show that the programme had indeed avgosffect on the probability of participants adibg
employed and being active in the labour market i§ah Effects are, however, not significantly diént
from zero for all specifications and for all groupsrticularly, these labour market effects arestieally
significant for women and the lower educated in faenple (i.e. individuals with at most primary
schooling®), for whom the programme increases the probabiftypeing employed and reduces the
probability of being inactive. In comparison, theféects are non-statistically significant for mend
higher-educated individuals. For this latter grohpwever, the impact on inactivity is statistically
significant and negative under some specificatitins.important to note that whereas the sampl=bgl

of education is almost perfectly balanced (arouall of the sample has completed at most primary

26 See Appendix 3 for the definitions and sourceallofutput variables.

27 Income scale categories go from 1 (no income) (ftighest income).

28 The “optimal” bandwidth is selected using the gt Imbens and Kalyanaraman (2012) procedure,hnilic
designed to minimize MSE (i.e. squared bias plusamae) (Nichols, 2007). The choice of the two ralédive
bandwidths is also standard and includes half aizktthe optimal bandwidth.

2 For details on the definition of higher- and loveslucated individuals, see tables 2 and 3.
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education), the opposite is true by sex. As suuh)dck of statistically significant results for meould
be driven by the lack of statistical power resgjtof an insufficiently large sample.

In terms of the size of effects, the programmeeaases the probability of women of being in emplayme
by around 4.5 to 7 percentage poihtiepending on the bandwidth used; and reducesrdiaipility of
being inactive by around 5 to 8 percentage poirtte. significance of these effects is robust toedéht
bandwidths and alternative estimators and theimitage increases with smaller bandwidths.

Alongside these positive effects, the programmaedpnbabout an increase in the probability of pgréints

of being employed informally (and a decrease inpgtubability of working formally, although of lower
magnitude). Interestingly, effects of the progranbyestatus in employment show increased probadsliti
of participants working as own-account and wageckers and a decreased probability of them working
as waged employees. These results may provide swights into the negative informal employment
effects. Effects are again statistically significéor female participants, but unlike previous fesalso

for higher-educated individuals. In comparison,dffects of the programme on the probability of kiog
informally are non-significant for men and for laweducated individuals.

A final sub-group analysis was carried out to asdbe effects of the programme particularly on
departments that have a higher proportion of urbhaabitants. Results remain unchanged to thosedfoun
for the overall population, which is not surprisigiyen that these departments account as wellhfor t
majority of programme participants. This analysiafams that the detrimental effects of the progmaanm
on informal employment are not related to the uilabdity of formal-sector jobs in departments wih
higher proportion of rural inhabitants.

Table 2. Estimates of the effect of Construyendo Pert on labour market status

Parametric 2SLS (two stage least square) method

PANEL A Lower Higher Urban
Al Women Men educated*  educateg*  departments
ns 2.28* ns 4.67* ns ns

Employed

(1.24) (2.69)
. ns -2.46* ns -4.73* ns ns

Inactive

(1.36) (2.75)
. 5.53** 3.97+ 11.73* ns 6.64** 5.95*

Employed informally

(2.44) (1.85) (5.45) (2.90) (3.06)

Emploved formall -3.01* -1.49* -8.63* ns -3.95* -3.42¢

POy y (142) (0.85) (4.82) (192) (181)
3.57 2.79%* ns ns 3,53+ 3.98**
Own-account worker
(1.47) (1.02) (1.43) (1.88)
Waged worker ns ns ns ns ns ns
-2.76** -1.56** -7.37* ns -2.79* -3.56**
Waged employee
(1.36) (0.79) (4.26) (1.63) (1.78)

30 |n other words, the difference in mean probabityeing employed between individuals living istdicts with a
FAD index that falls on one side and the otheihef¢ut-off point ranges between 4.5 and 7 percerpiaints.
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Table 2 (continued)
Non parametric LLR (local linear regression) method
PANEL B , Lower Higher Urban
Bandwiath Al Women Men educated®*  educated® departments
Optimal ns éég‘) ns ns ns ns
8.85** 6.99** ns 20.93* 6.81** 8.31**
Employed Helf (3.59) (3.34) (10.55) (3.45) (3.69)
Double 4.52* 6.08** ns ns ns 4.58*
(2.12) (2.94) (2.62)
Optimal ns (4212431) ns ns ns ns
Inactive Half -8.64* -8.25* ns ns -5.26* -6.97*
(3.72) (3.53) (3.13) (3.29)
Double -5.85* -6.71* ns ns -6.35* -5.35*
(3.28) (2.97) (3.86) (2.75)
Ontimal 15.77** 7.53* ns ns 15.21*** 14.48**
ima
P (4.94) (3.07) (5.14) (4.69)
) 20.87* 11.23** ns ns -20.24*** -17.37%
Employed informally Half (5.30) (3.70) (6.21) (5.95)
Doubl 8.13** 6.72** ns ns 8.10%* 6.96***
ouble
(2.95) (2.87) 3.11) (2.39)
Optimal -8.43* ns ns ns -9.44* -8.39*
ima
P (3.44) (4.01) (3.47)
-8.54** -3.89* ns ns -8.84*** 7.63**
Employed formally Half (3.42) 2.09) (3.38) (325)
Doubl -4.20* ns ns ns -4.34* -6.24*
ouble
(2.18) (2.56) (2.76)
Optimal 547 4.54** ns ns 7.15% 7.86%**
P (221) (2.01) (3.00) (2.95)
Own-account worker Half 1??;.2525) IZ.OSSO) ns ns 5231 26) 1?3"9315)
Double 5.78* 4.74* ns ns 6.57* 5.06**
(2.76) (1.87) (3.56) (2.07)
Optimal 3.55** 2.09 ns ns 4.30** 3.55**
P (1.76) (1.22) (1.99) (1.65)
6.28** 2.40% ns ns 7.71%% 5.37**
Waged worker Half 2.72) (131) (2.94) (2.42)
Double 3.49* ns ns ns 5.31* 2.90*
(2.01) (3.07) (1.53)
Optimal -1.52"** -3.18* ns ns -8.93* -8.92**
P (2.67) 1.87 (4.34) (3.09)
-10.97* -5.40% ns ns -10.09*** -10.48**
Waged employee Half 377
(3.77) 2.68 (3.84) (3.59)
Double -1.40™ ns ns ns -5.25% -6.78*+*
(3.32) (2.40) (2.58)
Observations 46,664 24,427 22,237 12,374 34,256 38,440

* For the purpose of this analysis, | consider Ipegucated individuals those that have completedast primary education (O-
7 years of schooling) and higher educated thosertzkthat level of education (8 years or more).

Notes: Tab. 2 reports estimated treatment effefctseoprogrammeConstruyendo Pergonditional on crossing the FAD index
cut-off point of 0.125. Panel A reports estimatbsamed using the parametric 2SLS method. Panep8ritg estimates obtained
using a triangular kernel regression model on tsidles of the cut-off for three different bandwidiisee footnote 29 for a
discussion of the different bandwidths used). Afeets have been calculated including all distriGsandard errors are in
parentheses. Significance levels: *significant@o] **significant at 5%; ***significant at 1%nsis non-statistically significant.
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Effects of the programme on income and working time

The persistence of informal employment can alsoehdetrimental effects on poverty, potentially
endangering one of the primary objectives of tr@gmmme. The effects of the programme confirm this
concern. The programme increases participants’giitity of being working poor for the overall group
for women and for higher-educated individuals (€aB). In contrast, the effect is non-statistically
significant for men and the lower educated. Effenis robust to different specifications and différe
bandwidths. Moreover, the programme shows nonsstailly-significant effects on the probability of
participants moving upwards or downwards their meascales.

Given that in Peru, the poorest sectors of the jatipn are burdened disproportionately by informal
employment, it can be argued that the effects efgftogramme on working poverty are linked to its
detrimental effects on the probability of workingarmally. The ENAHO shows, for example, that the
majority of working poor (around 90 per cent) watkieformally during 2007-2013, mostly as own
account workers (close to 60 per cent). Thesedgare considerably higher than those for non-wagrki
poor, of whom 77 per cent worked informally durithgs period and a little over 35 per cent as own-
account workers. Moreover, relative to the wholpuation, a higher proportion of working poor had a
occupation as unpaid family worker (close to 13q®ert) but, interestingly, also as employer (ov@pér
cent). In addition, working poor have lower inconi8 per cent lower) but working the same number of
hours. Interestingly, they are not substantialgsleducated than the overall occupied sample (they
cursed in average over 9 years of schooling condp@aré 1 for the overall sample) and the proportbn
women is only slightly higher. In sum, what setarapvorking poor from the rest of the population is
mainly their informal working status.

Regarding the effect of the programme on workinggeti participation has a positive effect on theltota
number of hours worked (an increase of 24 per oedtl hours per week) and a positive effect on the
probability of working excessive hours (of arourifercentage points). However, (and consistent with
the graphical analysis) these results are onlissitatlly significant (at the 10 per cent level) the overall
treated group and for the higher skilled, and é$fece not robust to the alternative specification.

The lack of robustness and/or significance of theffects may be related to the fact that in Pemgér
hours are worked in formal jobs and in occupatitireg might be less common amo@gnstruyendo
PerUs participants, such as employers. For examplégvifdividuals working formally reported having
worked more than 50 hours per week (in all occapatconfounded) during the period, those who worked
informally reported working 45 hours. Consequentthe share of individuals working excessive hours
was also higher among formal workers than inforrmaés (around 47 per cent compared to 42,
respectively). Likewise, by occupation, employensarted the highest number of hours worked witeelo
to 53 hours per week (in all occupations confouphdedlowed by waged workers with around 50 hours
and waged employees and own-account workers wittodi's worked per week. Consequently, employers
also had the highest share of individuals workixcessive hours (over 56 per cent), while this shae
close to 47 per cent for each of waged workersocavidtaccount workers.



Workfare programmes and their impact on the labour market: Effectiveness of Construyendo Peru 19

Table 3. Estimates of the effect of Construyendo Peri on participants’ income and working time

Parametric 2SLS (two stage least square) method

PANEL A Al Wormen Men Lower Higher Urban
educated* educated* departments
Monthlv | -16.8* -10.39* -36.97* ns ns ns
onthly income scales (9.17) (5.99) (21.45)
Worki 7.60%** 5.62*** 13.5** ns 8.86"** 9.51*
orking poor 2.72) (1.95) (5.88) (3.21) (4.26)
Logarithm of hours worked ns ns ns ?31937) ns ns
. - ns ns ns ns ns 3.59*
Excessive working time (1.94)
Non parametric LLR (local linear regression) method
PANEL B . Lower Higher Urban
Bandwicith Al Women Men educated*  educated*  departments
Optimal ns ns ns ns ns ns
Monthly income scales Half ns ns ns ns ns ns
Double ns ns ns ns ns ns
Optimal 13.9* 10.24* ns ns 7.72% 14.45%
P (7.58) (5.78) (3.85) (7.66)
15.2** 16.23* ns ns 10.55* 13.54**
Worki Half
orking poor @ (6.45) (8.40) (6.04) (5.74)
Double 10.6* ns ns ns Ns 8.67*
(5.28) (3.70)
Optimal 23.6" ns ns ns 18.85* 23.99*
(13.50) (11.41) (13.57)
Logarithm of hours worked ~ Half f; ;6) ns ns ns 1(:(?;) ns
Double 13.9* 15.97* ns ns ns 11.53*
(7.18) (9.44) (5.45)
Optimal 14.0* ns ns ns 16.12* 15.77*
ptima
(7.78) (8.47) (8.83)
Excessive working time Half 277;3;; ns ns ns 1(225)“ 1(‘2';59*)*
1.1 ns ns ns 7.61* 7.12*
Double (6.69) (4.36) (3.69)
Observations®! 34,635 16,107 18,528 8,361 26,273 28,053

* For the purpose of this analysis, | consider Ipeducated individuals those who have completedast primary education (0-

7 years of schooling) and higher educated thosertzkthat level of education (8 years or more).

Tab. 3 reports estimated treatment effects of thgmammeConstruyendo Pergonditional on crossing the FAD index cut-off
point of 0.125. Panel A reports estimates obtairsdg the parametric 2SLS method. Panel B repotite&gs obtained using a
triangular kernel regression model on both sidehefcut-off for three different bandwidths (seetfete 29 for a discussion of
the different bandwidths used). All effects haveerbealculated including all districts. Standardoesrare in parentheses.

Significance levels: *significant at 10%; **sigrifant at 5%; ***significant at 1% sis non-statistically significant.

31 The estimation for the working-poor is based uB8r666 observations for the full sample, 15,402viomen,
18,264 for men, 8,002 for the lower educated, 256 the higher educated and 27,386 for urbamidist The
monthly income scales estimation is based upondd5¢®servations for the full sample, 23,894 for won?21,907
for men, 12,666 for the lower educated, 33,08%Herhigher educated and 37,768 for urban districts.
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4.4. Interpretation of results

Some hypotheses can be made to interpret thesgseffdearer and more robust effects of the program
on women may be influenced by the fact that, asudised above, women participation in the programme
was disproportionately higher compared to the mediistribution in the household survey. This, as
pointed out by the field study carried out by MBJaréamillo et al. 2009) might be explained by the lo
take-up rates of men.

Moreover, the detrimental effects of the prograntmavomen’s employment status and incomes may be
related to the inability of the programme to susthly raise their employability. For example, giadive
evidence from the MEF field study (Jaramillo ef 2D09) shows that female participants have urstabl
labour patterns (e.g. multiple entries and exismfthe labour market usually working in temporjafs).

One of these labour market challenges is informgbleyment, which hits women disproportionally in
Peru — while the urban informal employment ratenfi@n was around 72 per cent during the period 2007—-
2013, for women it stood at 83 per cent. Givendisproportionately high participation of women and
their unstable labour patterns, theefactoabsence of components to raise their employalfdity. specific
type of training) may have perpetuated the inforamal low-pay labour market trends of women. Exgstin
literature on the effectiveness of ALMPs specificaargeted to vulnerable groups, argues that é th
absence of specific components aimed to raise g@pility, programmes could have negative effects
(due to stigma- and lock-in effects during partatipn — Hujer et al. 2004). Although the programme
counted with a training component (which was offiigi eliminated only in 2010), the monitoring ofth
programme carried out by MEF notes that alread30®9 no specific training had been provided by the
programme. In addition, even when provided, theheaf the specific training in terms of number of
participants treated remained low (e.g. one thirseonpled participants affirmed having receivedcdje
trainingy’? and the quality and depth of the courses unevamgrparticipants and between districts (e.g.
specific training consisted only of informative siess for 40 per cent of the beneficiaries of thaming).

In addition, the difference in effects between leighand lower-educated participants seems als@to b
related to the provision of the training compon@&ihce participation in specific training was vdiany,
some purposive selection of more driven particip@ito be expected into this training. In factegglain

by the field study carried out by the MEF some lo¢ specific training provided gave rise to the
establishment of productive microenterprises byesoifithe most driven participants that completed th
course, which were likely located in the informat®r (ILO, forthcoming). The results of the impact
evaluation seem to confirm this analysis, i.e.gtf@gramme increased the probability of higher-ethdta
participants of being self-employed and decrealsen probability of being waged employees. This may
explain why the programme had a negative effecthenprobability of higher-educated participants of
having a better quality job (e.g. formal, betteidpaot working excessive long hours), while it haml
effect on the probability of having a job. Meanwehiffor lower-educated participants (less likely to
participate in this training and therefore less asqul to employability-enhancing components), the
programme did not improve their odds of having #dbejuality job.

32 And only 6.6 per cent of participants were ceztfiafter the training culminated (i.e. meaning thsyisted to at
least 70 per cent of the training and validatedithi@ming) (Jaramillo et al. 2009).
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5. Robustness checks and additional results

This section provides, first, a number of sengyivests to the change in estimation strategy &ckh
whether estimation results hinge on the choicestfmator. Second, it provides a thorough robustness
analysis to ensure that no threat to the validitgssumptions remains.

5.1. Sensitivity tests

Three different informal sensitivity tests wereread out to check how changes in the estimaticatestyy
affect results. First, the use of different estioratnethods constitutes in-of-itself a first tess. discussed
above, estimated treatment effects are generdilystdo the use of different parametric and nonpatec
estimation methods. Indeed, results using the petréa;2SLS setup are similar to those calculateoltdh
the nonparametric LLR using the optimal and latggmdwidths. Yet, the size of effects is smaller mwhe
using the parametric method.

Second, as suggested by Nichols (2007) an additiorfiarmal sensitivity test while using the
nonparametric LLR consists on estimating the effeétthe programme using twice and half the optimal
bandwidth. Estimates, presented in the last tworook of tables 2 and 3, show overall consistenttes
in terms of significance using the different bandtis (the size of effects is in the majority ofemkarger
using narrower bandwidths).

Third, different estimations have also been cardatincluding and excluding districts with an unba
population of less than 2500 inhabitants (i.et Biggibility criteria during geographical targegin Results
using the 2SLS specification and LLR with optimahdwidth are consistent between the two samples.
Findings from the LLR estimation using the largantbwidth are broadly consistent too, with a slighs

of significance when some districts are excludegl e sample is reduced). When using half thiemed
bandwidth, however, some results switch signsérstimple that excludes smaller districts — i.eeffext

on the probability of finding formal employment loates positive and the effect on the probability of
being employed as own-account worker becomes vegati

5.2. Threats to validity

Ensuring that agents cannot manipulate the runningariable in a discontinuous manner

As discussed in section 4.1, the validity of RIb&sed on the premise that the running variablenbas
been caused or influenced by treatment and thatuteff point has been determined independently of
the running variable. These two conditions aresfat in the analysis by construction. Although E#d
index was designed by the programme’s administiaiias based upon three indicators that are tatied

by government institutions independently from tlmegobamme. Moreover, their definitions predate the
establishment of the programme and did not chamgeighout its duration. Finally, the cut-off point
the FAD index was determined by the availabilitygoizernment funds for this particular programme per
year — i.e. independently from the constructiothefrunning variable.
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Checking for other discontinuities in the runningariable

As discussed during the graphical analysis, checkinother discontinuities in the running variahblas
fundamental for the estimation strategy. Given thatFAD index was used for assignment at theidistr
(rather than individual) level, a careful analyisisarried out earlier in this paper to determireether
there was a jump in participation at the individeakl. This close scrutiny of the running variaipleluded
an inspection of other possible discontinuitiescéssary to unveil where the actual discontinuigg)i
Findings from this graphical analysis (Figure 4wo other discontinuity that can be detected ftioen
overall dispersion of the data, other than theus®es for the analysis (see Figure 3, panel B).

Falsification tests and a look to non-eligible digits and non-eligible groups

Falsification tests in this paper assess whethertameted groups (or less targeted ones) have been
affected by the programme. Similar effects of thalgsis on non-participants would mean that other
programmes or policies could be generating thergbdempacts, invalidating the causality of effects
Three particular non-participant groups are ingmkciThe first consists of districts not targeted by
Construyendo Perthamely those with an urban population below 25@@viduals. The second and third
are composed of individuals that should not norynladl affected by the programme, namely individuals
having completed higher education (i.e. individualgh a university degree and beyond) and the
wealthiest individuals (i.e. highest decile of aahper capita income).

Panels A, B and C of Figure 5 show a clear diffeeain results between the findings of the evalusdiod

these falsification tests on selected variablestRhere is no clear discontinuity in the FAD éndfor

individuals: living in small districts (panel A)aking completed higher education (panel B), or ¢pém
the highest decile of annual per capita incomedp@h Second, RD estimates for these groups @vail
upon request) illustrate non-significant treatmedfifects, regardless of the size of the bandwidth.



Figure 4. Individuals’ participation according to the FAD index at various cut-off points
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Figure 5. Discontinuity in the FAD index for specific non-targeted groups
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6. Conclusions

In this paper, | exploit a unique feature@dnstruyendo Petsl assignment criteria, namely, the fact that
districts are ranked according to a composite inf&&D) and those below a threshold are not eligible
participate. A fuzzy RD approach is therefore udeving upon three distinct sources of informati@n:

a district level database (created for the purpmfsthis evaluation) including information on distri
characteristics as well as on the participatiodisificts in the programme; (ii) a special survayried out

to programme participants in March 2012 (MacroctirSiA., 2012); and (iii) the ENAHO from 2007 to
2013. The evaluation assesses the effects of tyegomme in 2012 for individuals that participateuiag

the period 2007-2010, finding mixed effects. Thierivention helps raising employment and reducing
inactivity for particular groups of beneficiariggt at a cost of locking participants in lower dgtyalobs
(i.e. informal, paid below the poverty line and wiog excessive hours).

In more detail, the programme raises the probghfitvomen and lower-educated participants of being
employed and attached to the labour market. Fdrenigducated individuals the programme reduces the
probability of being inactive but has no effectemployment. Finally, the programme has no effeats f
men (which may be due to insufficient sample siZzék lack of employment effects for certain groigps
not surprising given that the majority of partiaipg where already engaged in a remunerated activity
before the programme started. Lack of employmefieicef could thus imply large deadweight loss (i.e.
participants would have found a job in the absesfcthe programme). Another explanation is that the
programme had short-term effects but that theydadeay with time (i.e. especially given that eftert

this paper are measured over the medium-term). fiypsthesis is in line with the existing literatune

the employment effects of activation measures itnLAmerica, which points to a greater effectivenes
of programmes on the very short term (Kluve, 20MJreover, clearer and more robust effects of the
programme on women could be explained by theiridenably higher participation in the programme.

Alongside these labour market effects, the progranmoreased the probability of participants of bein
employed informally and of being working poor. Taesffects are again statistically significant for
women, but unlike previous results also for theralWegroup of participants and for the higher-edada
ones. The effects seem to be related to the impiattie programme by status in employment — i.e.
programme increases the probabilities of partidgpahworking as own-account and waged workers and
decreases their probability of working as wagedleyges. In other words, the programme increases the
odds of participants of working in occupations etéerized by having lower job quality. Meanwhile,
given that in Peru the poorest sectors of the @tjom are burdened disproportionately by informal
employment, it can be argued that the effects@ptiogramme on working poverty are linked to thaise
informality. Finally, the programme had a positaféect on the number of hours worked, but onlyther
overall group of participants. For particular greufhis effect is non-significant, which is not ptising
given that in Peru, longer hours are worked in frjobs and in occupations that are not common gmon
Construyendo Pets participants (i.e. employers). Participatioroailscreased the probability of working
excessive hours; an effect that is again partiyuterevant for women and for higher-educated irdirals.

It is argued in this paper that the detrimenta¢@f of the programme on work quality may be relae
the inability of the programme to sustainably ratse employability of participants (e.g. ineffeeness

or thede factoabsence of training, particularly the specificeypindeed, existing literature notes that
ALMPs specifically targeted to vulnerable groupslddave detrimental effects in the absence ofipec
components aimed to raise employability (Hujerle@04). In particular, given the disproportiorate
high participation of women in the programme ararthnstable labour patterns, the absence of mesasur
to favour their employability may have perpetuatied informal and low-pay labour market trends of
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women. Moreover, different effects of the programarmng higher- and lower-educated participants can
also be explained by the provision of an employgbkdnhancing component. Particularly, the self-
selection of more driven participants into the #jetraining (where participation was voluntaryesns

to have given rise to the establishment of micreigmises, likely located in the informal sector&baillo

et al., 2009). This may explain why the programrad h negative effect on the probability of higher-
educated participants of having a better qualiby(.g. formal, better paid, not working excess$orgy
hours), while it had no effect on the probability fraving a job. Meanwhile, for lower-educated
participants, less likely to participate in thigifing and therefore less exposed to employalsiitigancing
components, the programme did not improve theisafchaving a better quality job.

Importantly, it is well known that the successluéte programmes hinges on their particular design a
implementation characteristics, which in developogntries has not been invariable positive (Sulabar
et al. 2013)Construyendo Peris no exception in this regard. The evaluation &ifeds that the programme
suffered from multiple participation and overremmistion of particular groups, which can be an
indication of the need of better enforcement ofi¢sing rules and eligibility criteria or even otlkaof
demand for this type of programme. It is essehti@onsider the evidence of this paper in lighthos.



Workfare programmes and their impact on the labour market: Effectiveness of Construyendo Peru 27

References

Angrist, J. and Lavy, V. 1999. “Using MaimonidesilR to Estimate the Effect of Class Size on Sclticlas
Achievement”, inThe Quarterly Journal of Economicdgpl. 114, No. 2, pp. 533-575.

Angrist, J. and Pischke, J. S. 200bstly Harmless Econometrics: An Empiricist's Conipa (Princeton
University Press).

Bargain, O. and Doorley, K. 2011. “Caught in thep@ Welfare’s disincentive and the labor supply of
single men”, indJournal of Public Economi¢&/ol. 95, No. 9-10, pp. 1096-1110.

Blundell, R. and Costa Dias, M. 2009. “Alternativ®pproaches to Evaluation in Empirical
Microeconomics”, inThe Journal of Human Resourc¥®l. 44, No. 3, pp. 565-640.

Center for International Earth Science Informatigtwork (CIESIN). No dateSmall area estimates of
poverty and inequalityColumbia University. Available afttp://www.ciesin.columbia.edu/povmap

Chacaltana, J. 200B! impacto del programa A Trabajar Urbano: Ganarede ingreso y utilidad de las
obras Final Report (Lima: Centro de Estudios para edd@mllo y la Participacion).

De la Torre, R. 2005 indice de Desarrollo Humano y la Asignacion @Gasto Publico por Entidad
Federativa en Méxic@Mexico D.F.: Universidad Iberoamericana).

del Ninno, C.; Subbarao K.; and Milazzo, A. 206w to make public works work: A review of the
experiencesSocial Protection Discussion Paper No. 0905 (\igghin D.C.: The World Bank).

Dev, M. 1996. “Experience of India’s (Maharashti&nployment Guarantee Scheme: Lessons for
Development Policy”, ilDevelopment Policy Reviewol. 14, No. 3, pp. 227-253.

Dias Alvarez, J. 2008Nuevo mapa de pobreza del Fondo de Cooperacion g@absesarrollo Social —
FOCONDES, 2006Lima: Planning and Results Unit of the Governnafrieeru).

Gaiha, R. 2002. “Rural Public Works and Povertyegistion: the case of the employment guarantee
scheme in Maharashtra”, International Review of Applied Economid&l. 16, No. 2, pp. 131-
151.

Galasso, E.; and Ravallion, M. 2004. “Social Privacin a Crisis: Argentina’s Plan Jefes y JefasThe
World Bank Economic RevieWwol. 18, No. 3, pp. 367-399.

Government of Peru. 201Pecreto Supremo No. 004-2012-TR, del 12 de abwil,gb cual se modifica
los Decretos Supremos N°s. 012-2011, 013-2011,201%-y 016-2011Lima: Ministerio de
Trabajo y Promocién del Empleo).

—. 2011.Decreto Supremo No. 012-2011-TR, del 23 de mamoelpcual se crea el programa para la
generacion de empleo social inclusivo “Trabaja Pe¢liima: Direccion de Capacitacion y Difusion
Laboral).

Hahn, J.; Todd, P. and Van der Klaauw, W. 200lefitdication and Estimation of Treatment Effectshwi
a Regression-Discontinuity Design”, itonometricaVol. 69, No. 1, pp. 201-209.

Hujer, R.; Caliendo, M.; and Thomsen, S.L. 2004eviNevidence on the effects of job creation schemes
in Germany: a matching approach with threefold fogeneity”, inResearch in Economic¥ol.
58, No. 4, pp. 257-302.

Imbens, G. and Lemieux, T. 2008. “Regression discaoity designs: A guide to practice”, dournal of
EconometricsVol. 142, No. 2, pp. 615-635.

Imbens, G. and Kalyanaraman, K. 2012. “Optimal Beidth Choice for the Regression Discontinuity
Estimator”, inReview of Economic Studjésol. 73, No. 3, pp. 933-959.



28 Research Department Working Paper No. 12

International Labour Organization (ILO). ForthcomgpirfWhat works: Active labour market policies in
Latin America and the Caribbean”, iStudies on Growth with EquityGeneva: Research
Department).

—. 2012.Decent Work Indicators: Concepts and Definitig@eneva: ILO).

Instituto Nacional de Estadistica e InformaticaEIN 2009 Mapa de Pobreza Provincial y Distrital 2007
pp.105-150 (Lima).

—. 2007.National Census 2007: Population Xl and VI HousRIEDATAM Databas@_ima)

Jacob, R., Zhu, P., Somers, M.A and Bloom, H. 2@ Practical Guide to Regression Discontinuyity
(MDRC).

Jalan, J.; Ravallion, M. 2003. “Estimating the H#&nicidence of an antipoverty programme by
propensity-score matching”, fournal of Business and Economic Statistiéal. 21, No. 1, pp. 19-
30.

Jaramillo, M.; Baanante, J.; Sanz, T. 20B9aluacion independiente programa Construyendo Rera
Informe final(Lima: Ministerio de Economia y Finanzas).

Kluve, J. 2016 A review of the effectiveness of active labor mapkegrammes with a focus on Latin
America and the Caribbeafli.O Research Department Working Paper No. 9 (@znaternational
Labour Office).

Lizarzaburu Tesson, P. 200&Kpreciacion Final del Programa A Trabajar Urbano @3-2006(Lima:
Programa de las Naciones Unidas para el DesarRNoD).

Macroconsult S.A. 2012Evaluacion de Impacto del Programa ConstruyendoUPddnidad de
Coordinacion de Préstamos Sectoriales (UCPS) (Liviiaisterio de Economia y Finanzas).

Ministerio de Economia y Finanzas (MEF). No d&tealuacion de impacto del Construyendo Pgitha:
Direccion de Capacitacion y Difusién Laboral).

Ministerio de Trabajo y Promocién del Empleo (MTPE)12-2014lnformes de Gestion del Programa
“Trabaja Perd” 2012, 2013 y 2014Lima: Unidad Gerencial de Planificacion, Preswgboge
Monitoreo y Evaluacion).

—. 2007-2011Anuarios Estadisticos 2007, 2008, 2009, 2010 arid ZDima: Oficina de Estadistica e
Informatica).

—. 2007-2010Bases para el Concurso de Proyectos Regulares:-2@@9-1, 2008 Lima).

—. 2009-2010Bases para el Concurso de Proyectos de Servicio$0-2, 2009-1, 2009-112009-111
(Lima).
—. 2007.Bases para el Concurso de Proyectiosna).

Murgai, R. and Ravallion, M. 2005 a Guaranteed Living Wage a Good Anti-Povertyidya| Policy
Research Working Papex®. 3640 (Washington, D.C.: The World Bank).

Nichols, A. 2007. “Causal Inference with ObservatibData”, inThe Stata JournaNol. 7, No. 4, pp.
507-541.

O’Keefe, P. 2005Workfare programs in India and internationally: eobn issues and experiendéew
Delhi: The World Bank).

Ravallion, M. 2008. “Evaluating anti-poverty progrs’, in H. Chenery and T.N. Srinivasan (eds.):
Handbook of Development Economigsl. 4, pp. 3788-3846.

Ravallion, M. and Datt, G. 1995. “Is targeting thgh a workfare requirement efficient? Some evidence
for rural India”, in D. van de Walle and K. Neadi$e):Public Spending and the Poor: Theory and
Evidencepp. 411-444 (Baltimore: Johns Hopkins Univergitgss).



Workfare programmes and their impact on the labour market: Effectiveness of Construyendo Peru 29

Smith, J. and Tood, P. 2005. “Does Matching OverdmlLonde’s Critique of Nonexperimental
Estimators?”, ifdournal of Econometri¢gd/ol. 125, No. 1-2, pp. 305-353.

Subbarao, K; del Ninno, C.; Andrews, C.; Rodrigidas, C. 2013Public Works as a Safety Net — Desing,
Evidence, and ImplementatigWashington D.C.: The World Bank).

Subbarao, K. 1997. “Public works as an antipovprogram: An overview of cross-country experience”,
in American Journal of Agricultural Economicgol. 79, No. 2, pp. 678-683.

United Nations Development Programme (UNDP). 200%roximacion al indice de Desarrollo
Humano”, ininforme sobre Desarrollo Humano Pert 2009: Por deasidad del Estado al servicio

de la gentdLima: UNDP).



30 Research Department Working Paper No. 12

Appendix 1: Definitions and sour ces of variables of the district-level database

Variable

Definition

Source

Urban population

Poverty severity index (FGT2)

Human development index
(HDI)

Index of human development
shortcomings

Districts participating by year
(2007-2010)

Allocation factor at the district
level (Factor de Asignacion
Distrital, FAD)

Population living in areas of a district with 100 or more dwellings laid out
contiguously forming urban centres. Districts may be comprised of one or more
populated urban centres.

The FGT(2) or Squared Poverty Gap Index, is one of the indexes of the Foster,
Greer, Thorbecke family of poverty measures, which measures the severity of
poverty giving a greater weight to individuals that fall far below the poverty line
than to those that are closer to it.

A summary measure of average achievement in key dimensions of human
development, namely: a long and healthy life, being knowledgeable and having
a decent standard of living. The HDI is the geometric mean of normalized indices
for each of the three dimensions.

An index calculated by FONCODES as 1-HDI of UNDP and called officially
Indice de carencia (IC). IC measures the level of deprivation of the population
in the access to basic services and the level of vulnerability in terms of illiteracy
and children’s malnutrition. Values closer to 1 represent districts with higher
deprivation and vulnerabilities and therefore districs with higher priority in terms
of social investment.

Districts that have received funding to participate in the programme
“Construyendo Peru”.

A composite index constructed by the Planning Management Unit of the
programme until 2010 on the basis of three indicators weighted equally: (i) urban
population, (i) the index of human development shortcomings, and (iii) the
poverty severity index FGT(2).

INEI (2007)

INEI (2009)

UNDP (2009)

De la Torre, R. (2005)

MTPE (2009-2010,
2007-2010, 2007).

Author’s calculations
based on Jaramillo et
al. (2009).
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Appendix 2: Full set of descriptive statistics
Total urban population (18+) Participants (18+)
2007 2012 March 2012
Obs Mean  Std. Dev. Obs Mean  Std. Dev. Obs Mean  Std. Dev.
Individual characteristics:
Male 39279 0.480 0.500 43826 0475 0.499 1142 0.217 0412
Age 39279 40.49 16.83 43826 42.84 17.58 1142 43.49 12.53
Household members 39279 4.863 2.260 43826 4.57 2.16 1142 4.46 1.83
Marital Status
Cohabiting 39279 0.242 0.428 43826 0.236 0.425 1142 0.367 0.482
Married 39279 0.346 0.476 43826 0.332 0.471 1142 0.295 0.456
Widowed 39279 0.052 0.223 43826 0.058 0.235 1142 0.067 0.251
Divorced 39279 0.004 0.067 43826 0.006 0.078 1142 0.002 0.042
Separated 39279 0.077 0.267 43826 0.094 0.292 1142 0.170 0.376
Single 39279 0.277 0.448 43826 0.273 0.446 1142 0.099 0.299
Kinship family
Head 39279 0.517 0.500 43826 0.516 0.500 1142 0.467 0.499
Spouse 39279 0.284 0.451 43826 0.279 0.449 1142 0.496 0.500
Son or daughter 39279 0.195 0.397 43826 0.201 0.401 1142 0.038 0.190
School attendance 39279 0.076 0.265 43826 0.078 0.268 1142 0.003 0.051
Educational attainment
No education 39279 0.046 0.209 43826 0.044 0.205 1142 0.075 0.264
Initial education 39279 0.000 0.007 43826 0.000 0.021 1142 0.003 0.051
Incomplete primary 39279 0.117 0.322 43826 0.111 0.314 1142 0.220 0414
Primary education 39279 0.111 0.314 43826 0.105 0.307 1142 0.176 0.381
Incomplete secondary 39279 0.132 0.339 43826 0.119 0.323 1142 0.187 0.390
Secondary education 39279 0.272 0.445 43826 0.268 0.443 1142 0.257 0.437
Incomplete post-secondary 39279 0.053 0.224 43826 0.053 0.224 1142 0.024 0.152
Post-secondary education 39279 0.101 0.301 43826 0.107 0.309 1142 0.035 0.184
Incomplete tertiary 39279 0.069 0.253 43826 0.086 0.280 1142 0.015 0.121
Tertiary education 39279 0.083 0.276 43826 0.088 0.284 1142 0.009 0.093
Post-tertiary education 39279 0.014 0.117 43826 0.018 0.132 1142 0 0
Department
Amazonas 39279 0.025 0.156 43826 0.024 0.151 1142 0.025 0.155
Ancash 39279 0.037 0.188 43826 0.040 0.196 1142 0.035 0.184
Apurimac 39279 0.017 0.128 43826 0.016 0.125 1142 0.032 0177
Arequipa 39279 0.050 0.217 43826 0.049 0.216 1142 0.035 0.184
Ayacucho 39279 0.029 0.168 43826 0.027 0.163 1142 0.035 0.184
Cajamarca 39279 0.022 0.147 43826 0.018 0.134 1142 0.035 0.184
Cusco 39279 0.027 0.163 43826 0.029 0.168 1142 0.032 0.175
Huancavelica 39279 0.017 0.128 43826 0.016 0.124 1142 0.027 0.163
Huénuco 39279 0.025 0.156 43826 0.023 0.149 1142 0.035 0.184
Ica 39279 0.048 0.213 43826 0.058 0.233 1142 0.035 0.184
Junin 39279 0.040 0.196 43826 0.042 0.201 1142 0.033 0.179
La Libertad 39279 0.041 0.199 43826 0.043 0.203 1142 0.032 0.175
Lampayeque 39279 0.046 0.210 43826 0.049 0.217 1142 0.036 0.186
Lima y Callao 39279 0.237 0.425 43826 0.220 0.414 1142 0.217 0.412
Loreto 39279 0.044 0.205 43826 0.043 0.204 1142 0.035 0.184
Madre de Dios 39279 0.026 0.158 43826 0.022 0.148 1142 0.027 0.163
Moquegua 39279 0.031 0.173 43826 0.034 0.181 1142 0.030 0.170
Pasco 39279 0.026 0.159 43826 0.029 0.169 1142 0.034 0.182
Piura 39279 0.052 0.221 43826 0.051 0.220 1142 0.034 0.182
Puno 39279 0.024 0.154 43826 0.019 0.135 1142 0.069 0.254
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San Martin 39279 0.036 0.187 43826 0.036 0.187 1142 0.032 0.177
Tacna 39279 0.033 0.179 43826 0.037 0.188 1142 0.034 0.182
Tumbes 39279 0.035 0.183 43826 0.037 0.188 1142 0.034 0.182
Ucayali 39279 0.033 0.179 43826 0.039 0.193 1142 0.026 0.160
Household characteristics:
Household annual income 39279 103901 146779 43826  13916.0 174211 1142 85101  9534.1
Household annual income per capita 39279 2363.7 41341 43826 3208.2 4583.1 1142 1976.9  2252.8
Monthly income in main occupation 39279 502.9 1024.9 43826 7131 1229.4 1142 364.9 108.8
Scales of the monthly household 59,7 g¢ 13 43826 41 14 882 43 14
income (1 to 6)
Labour characteristics:
Employed 39279 0.720 0.449 43826 0.725 0.447 1142 0.680 0.467
Type of occupation
Employer 39279 0.048 0.214 43826 0.046 0.209 1142 0.002 0.042
Own-account worker 39279 0.262 0.440 43826 0.270 0.444 1142 0.331 0471
Waged employee 39279 0.195 0.396 43826 0.201 0.401 1142 0.053 0.223
Waged worker 39279 0.132 0.338 43826 0.141 0.348 1142 0.235 0.424
Unpaid family worker 39279 0.076 0.264 43826 0.070 0.254 1142 0.017 0.128
Domestic worker 39279 0.025 0.155 43826 0.017 0.129 1142 0.045 0.207
Other 39279 0.004 0.066 43826 0.004 0.066 1142 0.002 0.042
Type of contract
Permanent contract 39279 0.069 0.253 43826 0.073 0.260 1142 0.009 0.093
Fixed-term contract 39279 0.088 0.284 43826 0.104 0.305 1142 0.103 0.305
Probation period 39279 0.000 0.019 43826 0.001 0.026 1142 0.002 0.042
Youth training agreement 39279 0.002 0.050 43826 0.002 0.044 1142 0.001 0.030
Apprenticeship programme 39279 0.000 0.016 43826 0.019 0.137 1142 0 0
Service provider 39279 0.018 0.134 43826 0.010 0.100 1142 0.007 0.083
Working without contract 39279 0.245 0.430 43826 0.219 0.413 1142 0.233 0.423
Unemployed 39279 0.035 0.184 43826 0.027 0.163 1142 0.067 0.251
Duration of unemployment
Less than 1 month 39279 0.031 0.173 43826 0.025 0.156 1142 0.046 0.210
From 1 to 3 months 39279 0.003 0.057 43826 0.002 0.048 1142 0.013 0.114
From 3 to 6 months 39279 0.000 0.020 43826 0.000 0.017 1142 0.003 0.051
More than 6 months 39279 0.000 0.016 43826 0.000 0.005 1142 0 0
Actively looking for a job 39279 0.032 0.176 43826 0.025 0.156 1142 0.057 0.232
Inactive 39279 0.215 0.411 43826 0.233 0.423 1142 0.220 0414
Variables related to job quality:
Employed informally 39279 0.590 0.492 43826 0.550 0.497 1142 0.622 0.485
In the informal sector 39279 0.156 0.362 43826 0.170 0.376 1142 0.204 0.403
In the formal sector 39279 0.435 0.496 43826 0.380 0.486 1142 0.418 0.493
Employed formally 39279 0.150 0.357 43826 0.198 0.398 1142 0.061 0.240
Discouraged 39279 0.028 0.165 43826 0.014 0.116 1142 0.032 0.177
Working-poor 28292 0.466 0.499 31774 0.359 0.480 77 0.407 0.492
Hours worked in main job 28660 41.87 23.32 32799 39.99 221 780 40.43 17.80
Total usual hours worked 28653 48.05 22.16 32740 45.75 21.20 780 43.67 16.42
Excessive working time 28653 0.458 0.498 32740 0.414 0.492 780 0.322 0.467
Underemployed (time-related) 39279 0.259 0.438 43826 0.154 0.361 1142 0.210 0.408
Less than 1 month 39279 0.448 0.497 43826 0.410 0.492 1142 0.502 0.500
From 1 to 5 months 39279 0.201 0.401 43826 0.229 0.420 1142 0.148 0.355
From 6 to 11 months 39279 0.091 0.287 43826 0.109 0.312 1142 0.033 0.179
From 1 to 4 years 39279 0.198 0.398 43826 0.204 0.403 1142 0.317 0.466
From 5 to 10 years 39279 0.136 0.343 43826 0.120 0.325 1142 0.130 0.337
More than 10 years 39279 0.177 0.382 43826 0.177 0.381 1142 0.088 0.284
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Appendix 3: Definitions and sour ces of labour market variables

Variable Definition Source
Labour market status:
Employed Indlv!duals that had an occupation during the week of reference, remunerated or not, but ENAHO
working more than 14 hours.
Individuals that were not in the economic active population during the week of reference.
Inactive This includes individuals not in employment or unemployment, and individuals that had ENAHO

Informal worker

Formal worker

Informal sector

Occupation

an occupation as unpaid family workers or “other”, but working less than 15 hours per
week.

Individuals whose main occupation is in informal employment. Includes: (i) individuals
working in the informal sector3?, (ii) non-remunerated family workers; (iii) and individuals
that working in the formal sector are not affiliated to any pension system.

The pension insurance system has been used as a proxy for health insurance, since it is
the only social protection information available in ENAHO.

Individuals whose main occupation is in formal employment. Includes those working in
the formal sector that are affiliated to a pension system.

The pension insurance system has been used as a proxy for health insurance, since it is
the only social protection information available in ENAHO.

Own account workers or employers that have not registered their activities in SUNAT
(Superintendencia Nacional de Aduanas y de Administracién Tributaria), that have no
accounting system and that have 5 or less employees.

There are six different occupations in ENAHO: waged employee, waged worker; own-
account worker; employer; domestic worker and unpaid family worker. The main
occupations analysed in these paper are:

Waged employees: individuals with a predominantly intellectual occupation in an
institution or firm where they perceive a monthly or half-monthly remuneration or
payment; waged workers: have a predominantly manual occupation in an enterprise or
business where they perceive a daily, weekly or half-monthly remuneration; own-account
workers: can exercise a profession or operate their own business but without having
dependant employees.

ENAHO based on ILO definition.
Definition has been adapted
according to data availability in
the survey.

ENAHO based on ILO definition.
Definition has been adapted
according to data availability in
the survey.

ENAHO based on ILO definition.
Definition has been adapted
according to data availability in
the survey.

ENAHO

Income:

Working poor

Scales of income

Employed individuals living in households in which per-capita income/ expenditure is
below the USD1.25 international poverty line.

The international poverty line has been converted to the national currency using the INEI
exchange rate at the end of 2011.

Scales of the monthly household income, going from 1 (no income) to 6 (more than PEN
700). Monthly household income includes all incomes monetary and other in the main
occupation. For participants, this measure of income corresponds to year 2011 but post
participation.

ENAHO based on ILO definition
(ILO, 2012).34

ENAHO and special participants
survey

Hours worked:

Total hours worked

Excessive hours

Underemployed

Total number of hours usually worked per week in all occupations.
Employed individuals working more than 48 hours per week.

Employed individuals that during the week of reference were available and willing to work
more hours than those usually worked.

ENAHO

ENAHO based on ILO definition
(ILO, 2012).

ENAHO

33 The informal sector is defined as all employersmterprises with less than 5 employees and nigtezgd in the
Peru internal revenue service (SUNAT).
341LO (2012), pp. 68-69.
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Appendix 4: Graphical analysis of the effects of the programme, 2012*

Panel A. Probability of being employed (overall window and smaller bandwidth)
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Panel B. Probability of being inactive (overall window and smaller bandwidth)

125
FAD index

0
L
T T T T Bk
14 S€0 92°0 9T'0 900
9210} 1n0qe| 3y} Jo o Burag jo Aljigeqoid uea
e
.
Fs
.
Fe
L]
°
°
.
.
0|
.
.
.
°
L
) ® b
.
°
1]
b
L]
°
0
..L
NSO .
° e L
° 1
.

T T T T T
i240) ve0 S0 9T'0 900
9210} 1n0qe| 3y} Jo o Burag jo Aljigeqoid ueay

FAD index

Panel C. Probability of being employed formally (overall window and smaller bandwidth)
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Panel G. Probability of being waged employee (overall window and smaller bandwidth)
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Panel K. Probability of working excessive hours (overall window and smaller bandwidth)
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* Monthly income scales of participants are onlgitable for 2011 in the special survey. As such, ¢ffect of the programme
on the probability of jumping income scales has &lsen estimated for 2011.

Note: Fig. 4 plots the mean probability of havingeatain employment status, income and working tioraitional to the districts’
FAD index levels along with the 95% level confiderimounds. The conditional mean is drawn on the basgual-sized bins.
The fit used was suggested by the graphical asatygstied out using the lowess fit. The analysifuides all urban districts.
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